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In this review, we focus on neuronal operant conditioning in which increments in neuronal
activities are directly rewarded without behaviors. We discuss the potential of this
approach to elucidate neuronal plasticity for enhancing specific brain functions and its
interaction with the progress in neurorehabilitation and brain-machine interfaces. The key
to-be-conditioned activities that this paper emphasizes are synchronous and oscillatory
firings of multiple neurons that reflect activities of cell assemblies. First, we introduce
certain well-known studies on neuronal operant conditioning in which conditioned
enhancements of neuronal firing were reported in animals and humans. These studies
demonstrated the feasibility of volitional control over neuronal activity. Second, we refer
to the recent studies on operant conditioning of synchrony and oscillation of neuronal
activities. In particular, we introduce a recent study showing volitional enhancement of
oscillatory activity in monkey motor cortex and our study showing selective enhancement
of firing synchrony of neighboring neurons in rat hippocampus. Third, we discuss the
reasons for emphasizing firing synchrony and oscillation in neuronal operant conditioning,
the main reason being that they reflect the activities of cell assemblies, which have
been suggested to be basic neuronal codes representing information in the brain. Finally,
we discuss the interaction of neuronal operant conditioning with neurorehabilitation and
brain-machine interface (BMI). We argue that synchrony and oscillation of neuronal firing
are the key activities required for developing both reliable neurorehabilitation and high-
performance BMI. Further, we conclude that research of neuronal operant conditioning,
neurorehabilitation, BMI, and system neuroscience will produce findings applicable to
these interrelated fields, and neuronal synchrony and oscillation can be a common
important bridge among all of them.
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OPERANT CONDITIONING OF NEURONAL FIRING
When we require learning of volitional enhancement of a certain
behavior, operant conditioning (Skinner, 1974; Reynolds, 1975)
should be the first choice. The voluntary behavior immediately
followed by reward, i.e., having contingency of reward, soon
becomes more frequent, and humans and animals volitionally
conduct the behavior more frequently to get more reward. Based
on such methodology, an intriguing method of learning of voli-
tional enhancement in neuronal firing has been developed and
called neuronal operant conditioning, in which rewards are given
for modulations of neuronal firing which are not linked to overt
behaviors. Since Olds (1965) and Fetz (1969) published their pio-
neering research, conditioned enhancement of neuronal firing has
been frequently reported in animals and humans. In particular,
Fetz and collaborators (Fetz, 1969; Fetz and Finocchio, 1971; Fetz
and Baker, 1973) had established the methodology of neuronal
operant conditioning and reported that monkeys could control
firing rates of individual neurons in the motor cortex (Figure 1).
Following these pioneering and memorable experiments, sev-
eral intriguing studies by Fetz and other researchers have been
published.
Recently, for example, Kobayashi et al. (2010) has demon-
strated a remarkable capacity of single neurons to be driven by
volition by adapting to specific operant requirements. This exper-
iment set variable relationships between levels of single-neuron
activity in the monkey prefrontal cortex and rewarding outcomes.
Prefrontal neurons changed firing rates according to the specific
requirements for gaining reward, without the monkeys making a
motor response, and indicated that neuronal firings constituted
a volitional operant response enhanced by reward. The control
task of the experiment suggested that these changes of firing
were unlikely to reflect simple reward predictions. In humans,
Cerf et al. (2010) demonstrated that subjects can regulate firing
rates of single neurons in the medial temporal lobe (MTL) to
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FIGURE 1 | Data showing firing rate of a motor cortex neuron of the
monkey as a function of reinforcement schedule of neuronal operant
conditioning. During operant level and extinction periods neither food nor
click feedback was presented. During “Pellets only” period, the highest
firing rates were reinforced with delivery of a food pellet without click
feedback. During “Click only” period, a click was presented for each firing of
the neuron; finally, both pellets and clicks were provided. (From Fetz, 1969,
with permission).
obtain the rewarding outcome that visual images they liked to
see became clearer on the computer screen in front of them. The
study recorded from single neurons in patients implanted with
intracranial electrodes for clinical reasons. The subjects looked at
a hybrid superposition of two images representing familiar indi-
viduals, landmarks, objects, or animals and had to enhance one
image at the expense of the other, competing one. Simultaneously,
the firing of MTL neurons was decoded in real time to control the
content of the hybrid, i.e., making one of the superposed images
clearer than the other. The subjects reliably regulated the firing
rate of these neurons, increasing the rate of some while simulta-
neously decreasing the rate of others. The subjects achieved this by
focusing onto one image, which gradually became clearer on the
computer screen, thereby overriding sensory input. On the basis
of the firing of these MTL neurons, visual images in the subject’s
mind were visualized on an external display, which functioned as
reward.
The most recent progress is reported by Arduin et al. (2013).
They employed a strategy of accessing reward by controlling a
prosthetic device with self-generated neuronal firing from a single
neuron. They recorded multiple neurons from motor cortical
areas in rats for controlling a linear actuator with a water bottle.
To receive reward of water, the rats had to move the bottle until
it reached a zone for drinking by raising and maintaining firing
rate of each neuron above a high threshold. They defined the
time the bottle took to reach the drinking zone after trial onset
as time-to-reward. If the time-to-reward distribution during trials
significantly differed from that during waiting periods, the single
neuron was considered an operantly conditioned neuron (Opris
et al., 2011b).
The firing rates of conditioned neurons increased instanta-
neously after a trial onset and the bottle entered the drink-
ing zone within a very short time. The time-to-reward for the
conditioned neurons soon decreased and exhibited significant
difference compared to that for non-conditioned neurons. The
majority of the conditioned neurons increased firing rates reliably
and instantaneously after trial onset despite the absence of any
temporal requisition. Furthermore, the conditioned neurons fired
more frequently, instantaneously, and strongly than the neigh-
boring neurons that were simultaneously recorded around the
conditioned neurons (Figure 2). The authors concluded that
only the operant-conditioned neurons possessing significantly
increased firing rates take the lead as “master neurons”, that
exhibit most prominent volitionally driven modulations in a small
neural network.
Such on-going progress of research into neuronal operant
conditioning confirms the possibility of volitional enhancement
of activity for specific individual neurons. However, possibility
of chance reinforcement of a body movement rather than neu-
ronal activity should always be checked. The question is whether
operantly conditioned neuronal firing is directly controlled in
certain central pathways or through an accidentally reinforced
body movement which generates activity in the whole pathways
leading to the muscles, including corollary discharge and propri-
oceptive and sensory feedbacks. Concerning involvement of the
proprioceptive feedback, Wyler et al. (1979) reported that section
of pyramidal tract and ventral rhizotomies disrupted operant
conditioning of firing of precentral neurons and suggested that
the precentral neurons were operantly controlled through the
proprioceptive feedback from the peripheral mechanoreceptors.
However, such lesions of nerve fibers could yield neuronal death
and/or reorganization of neuronal networks, which may disrupt
normal neuronal activity and/or potential for learning and con-
ditioning. Intact brains and input-output pathways should be
employed to answer the question of central pathways vs. body
movements. Using the intact brains and pathways, several former
and recent studies (Fetz and Finocchio, 1971; Koralek et al., 2012;
Engelhard et al., 2013; Sakurai and Takahashi, 2013) reported the
absence of specific body movements or muscle activity during the
operant conditioning of neuronal firing. Although precise and
detailed mechanisms that make neuronal operant conditioning
possible are not clear yet, it is apparent that neuronal activity can
be operantly conditioned without body movement and enhanced
volitionally by setting direct contingency between changes of
neuronal activity and delivery of reward.
OPERANT CONDITIONING OF FIRING SYNCHRONY AND
OSCILLATION
The previous studies surely have confirmed robustness of operant
conditioning of neuronal activity. Most of them, however, had
a bias due to an exclusive focus on the firing rates of individual
neurons of neocortices. Neuronal operant conditioning should be
used to explore the extent to which synchronous activity in neu-
rons can be volitionally enhanced. Synchronous neuronal activity
reflects functional connectivity among multiple neurons and had
not been the target of neuronal operant conditioning, though the
brain functions can be considered to be realized by activities not
of individual neurons but of ensembles of populations of neurons
interrelated with each other. Therefore, enhancement of neuronal
activity related to brain functions could be realized more reliably
by operant conditioning of such ensemble activity of neuronal
populations typically reflected by synchronized firing of multiple
neurons.
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FIGURE 2 | Data showing differences in the rank of activation between
conditioned neurons and simultaneously recorded neighboring neurons.
Firing rate of motor cortex neurons in the rat was operantly conditioned. This
presents perievent time histogram of neuronal activity normalized and
centered on trial onset, for four neurons simultaneously recorded during the
same session (green: the conditioned neuron; blue: a previously conditioned
neuron; red: two neighboring neurons never conditioned). Filled and empty
circles of different colors represent the latency of the neurons until their
firings exceeded the thresholds at 2 and 5 standard deviations (SD),
respectively. One of the neurons (red dashed line) did not have a measurable
latency for that recording session. The latency of the blue neuron could only
be defined for the 2 SD threshold. Additional (n = 20) neurons that were
simultaneously recorded during that recording session have not been
included for sake of clarity. Bin size: 20 ms; each value is the z-transform of
the firing rate integrated over a sliding window of 100 ms. Latencies were
calculated using a 20 ms bin scale. (From Arduin et al., 2013, with permission).
Engelhard et al. (2013) has recently reported that periodically
synchronized activity, i.e., oscillatory activity, of motor cortical
neurons can be enhanced by operant conditioning. The study
has succeeded to train monkeys to increase motor cortex low-
gamma waves of local field potential (LFP) (Figure 3). Single-
neuron firing was recorded, and the enhancement of operantly
conditioned oscillatory waves was accompanied by a correlated
increase in the synchrony of the entrained neurons. This relation
of LFP and neuronal firing can be explained by the fact that
LFPs are produced by postsynaptic potentials, and periodicity in
neuronal firing would be associated with periodicity in LFPs. They
also documented the spatial extent of neurons entrained with
the operantly conditioned oscillatory activity. Over the extent of
4 × 4 mm electrode grids, enhanced gamma power in the LFP
and phase locking of neuronal firings occurred in a broad range
(approximately 500 µm), and depth of entrained modulation
decreased as a function of distance from the operant conditioning
sites of electrodes. The study also confirmed that the enhance-
ment of oscillatory activity was not associated with any observed
movements or increases in muscle activity. From these findings,
the authors argue that the findings link volitional control of LFP
oscillations and neuronal-firing synchrony.
The low-gamma oscillations have been found in many differ-
ent brain areas and are considered to be associated with different
functions such as attention, perception, cognition, and computa-
tion (Herrmann et al., 2010) and to play as neural synchrony both
within (Salinas and Sejnowski, 2001) and between (Siegel et al.,
2012) brain areas. Therefore, the results of Engelhard et al. (2013)
are ground breaking, whereby monkeys demonstrated the ability
to directly modulate and enhance specific patterns of synchrony of
many neurons in somewhat broad ranges, which may be related to
several motor functions of the brain.
On the other hand, it is desirable to directly demonstrate
operant enhancement of firing synchrony among individual neu-
rons located closely in restricted smaller ranges. For such exper-
iments, precise separation of extracellular firing from closely
neighboring neurons in real time is required. It had been diffi-
cult, however, for traditional spike-sorting techniques (Lewicki,
1994; Fee et al., 1996), primarily because spike waveforms over-
lap on a common electrode when nearby neurons fire coinci-
dently. To address this problem, we (Takahashi et al., 2003a,b)
developed a unique method of spike-sorting using indepen-
dent component analysis (ICA; Comon, 1994) with a specific
multielectrode (Takahashi and Sakurai, 2005, 2007, 2009a,b).
The method allows sorting of the firings of closely neighbor-
ing neurons in real time and the detection of firing synchrony.
Using this technique, we have recently reported that synchronized
firing of closely neighboring neurons in rat hippocampus can
be enhanced by neuronal operant conditioning (Sakurai and
Takahashi, 2013).
We trained rats to engage in a free-operant task in which nose-
poke behavior was rewarded in session 1, and firing rates and syn-
chrony of multiple neighboring neurons above preset criteria were
rewarded in sessions 2 and 3, respectively. Placing contingency
of reward on firing synchrony in session 3 resulted in selective
enhancement of firing synchrony of the hippocampal neurons
(Figure 4). Control experiments revealed that the enhancement of
firing synchrony was not attributable to increments of behaviors
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FIGURE 3 | Data showing single-trial examples of LFP aligned to reward
delivery (0). Oscillatory firing of motor cortical neurons of the monkey was
operantly conditioned. (A) Data for monkey M (session #20). Upper panel
shows a raw LFP trace in the pseudoconditioning block. The 500 ms period
before reward is highlighted in red. Lower panel is an expanded view of the
500 ms period before reward. (B) The same as in (A), but for a trial in the
conditioning block. (C) The same as in (A), but for a trial in the conditioning
block, monkey Q (session #17). (From Engelhard et al., 2013, with permission).
FIGURE 4 | Mean quantities of pellets, reward in the operant
conditioning, delivered by behavior (session 1), firing rate above preset
criteria (session 2) and firing synchrony above preset criteria (sessions
3–6) during each 30 min conditioning session. Neuronal firing rate and
synchrony were obtained from a group of neighboring neurons in the
hippocampal CA1 of the rat and operantly conditioned. In sessions 1–3,
means were calculated for three periods (10–20, 21–30 and 31–40 min) of
each session. Data recorded for the first 10 min of each session are not
presented because the first 10 min were used to perform behavioral shaping
(session 1) and selection of criteria for the neuronal activities (sessions 2 and
3). In sessions 4–6, means were calculated for periods of 0–10, 11–20 and
21–30 min of each session because criterion selection had been conducted in
session 3 and was thus unnecessary. (From Sakurai and Takahashi, 2013, with
permission).
or excitation caused by reward delivery. Analysis of the firing rates
and synchrony of individual neurons and neuron pairs during the
conditioning revealed that the firing rates and synchrony of some
but not all neurons and neuron pairs increased in each group of
neighboring neurons (Figures 5, 6). No firing enhancement was
observed in any neurons and neuron pairs recorded by closely
placed electrodes not used for the conditioning. From all these
findings, we conclude that neuronal operant conditioning can
lead to volitional enhancement of firing synchrony in a small
group of neurons in a small restricted area in the hippocampus.
In that study, operant conditioning of firing synchrony was
obtained in the hippocampus but not in the motor cortex.
One explanation might be that the hippocampus has the high
level of plasticity causing learning-related changes of firing
synchrony among the neurons (e.g., Sakurai, 1996a, 2002). This
explanation, however, does not exclude the possibility of motor
cortical neurons to be conditioned in their firing synchrony.
The hippocampal synchrony functions could be revealed at
small timescales such as the bin (2–4 ms) used for the operant
conditioning in our study (Sakurai and Takahashi, 2013),
whereas in the motor cortex synchrony could be best functional
at longer timescales such as that of low gamma oscillations. This
assumption is apparently supported by the result of Engelhard
et al. (2013) introduced above.
It should be noted that, as Fetz (2013) suggested, synchronous
neuronal firing was detected not only as lasting and periodic,
e.g., oscillations, but also as temporal and episodic. For example,
Riehle et al. (1997) has reported that such temporally short
and episodic synchrony of firing of motor cortical neurons can
be detected during some specific behavior. Such synchrony was
termed “unitary event” which appeared consistently at particular
times in relation to an expected cue at times unrelated to sensory
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FIGURE 5 | Firing-rate histograms of five individual neurons comprising a
group of neighboring neurons in the hippocampal CA1 in sessions 1–3.
The center (0) of each histogram means the time when behavior (session 1),
firing rate above preset criteria (session 2) and firing synchrony above preset
criteria (session 3) immediately followed by reward delivery were conducted.
A bin is 10 ms and an asterisk indicates a significant increment of firing
(confidence limit, p < 0.005). (From Sakurai and Takahashi, 2013, with
permission).
or motor events. Such episodic synchrony of firing should be a
target of neuronal operant conditioning. Schmied et al. (1993)
reported that humans could be operantly conditioned to increase
some episodic synchrony of groups of motor cortical neurons.
However, because synchronized firings can be caused by common
synaptic inputs, such demonstration may be essentially equivalent
to demonstrating enhancement of firing of the common input
neurons. In contrast, periodic synchrony of firing represents a
rhythmic phenomenon involving a different mechanism generat-
ing more prolonged circuit resonance (Fetz, 2013).
WHY SYNCHRONY AND OSCILLATION?—VIEW ON “CELL
ASSEMBLY”
As described above, operant conditioning of oscillation and syn-
chrony of multiple neurons can be indispensable to enhancing
brain functions because they are realized by ensemble activities
of populations of neurons that are functionally connected with
each other. Such a functional population of neurons has been
proposed to be “cell assembly” (Hebb, 1949), postulated to act
as a functional unit that represents information in the working
brain and underlie perception, learning, and memory for adaptive
behavior (Eichenbaum, 1993; Sakurai, 1996b, 1999; Harris, 2005;
Opris et al., 2013). The original concept of cell assembly was
a theoretical notion and it could have value and be substantial
when it accounts for experimentally observed phenomena. The
experimental observations showing major properties of the cell
assembly are, as Sakurai (1999) suggested, the task-related func-
tional overlapping of individual neurons (Sakurai, 1994) and the
task-dependent dynamics of the functional connectivity among
the neurons (Sakurai, 1993). In particular, the latter phenomena,
reflected as dynamically changing synchrony of firing of multiple
neurons, has often been reported and regarded as the popular
operational definition or indirect evidence of the activity of
cell assemblies (Sakurai, 1996a, 2002; Riehle et al., 1997; Engel
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FIGURE 6 | Correlograms of all neuron pairs of five neighboring neurons
in the hippocampal CA1 in sessions 1–3. The center (0) of each correlogram
means the time when two neurons fired simultaneously, i.e., achieved firing
synchrony. A bin is 2 ms and an asterisk indicates a significant increment in
firing synchrony (confidence limit, p < 0.005). (From Sakurai and Takahashi,
2013, with permission).
et al., 2001). Therefore, the target activity of neuronal operant
conditioning should include not only firing rates but also firing
synchrony of multiple neurons, as reported in Engelhard et al.
(2013) and Sakurai and Takahashi (2013).
However, operant conditioning of the activity of cell assem-
blies is not an easy task because the ranges in the patterns of
activation of cell assemblies, i.e., sizes of cell assemblies, have been
postulated to be diverse (Sakurai et al., 2013). A cell assembly
could be comprised of a small number of localized neurons or
a large number of broadly distributed neurons (Eichenbaum,
1993). Therefore, neurons in the neocortices and the limbic
structures, particularly the hippocampus, are expected to show
various forms of firing synchrony, which represent dynamic and
diverse representation by cell assemblies, in various behavioral
tasks. Actually, several former studies have reported the task-
and behavior-dependent dynamic synchrony of neurons in the
wide ranges (Abeles et al., 1993; Vaadia et al., 1995; Seidemann
et al., 1996; Engel et al., 2001; Opris et al., 2011a, 2012a,b)
and the local ranges (Funahashi and Inoue, 2000; Constantinidis
et al., 2001; Sakurai and Takahashi, 2008). We have reported
task-dependent sharp synchrony of firing among the neighboring
neurons, reflecting the small and localized cell assemblies, in the
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monkey prefrontal cortex, but at the same time, we have also
found dynamically changing broad synchrony of firing among the
distant neurons (Sakurai and Takahashi, 2006). The sizes of cell
assemblies are certainly diverse and dependent on information
representation and processing in behavioral tasks.
The diversity in the sizes of cell assemblies should be
considered when neuronal operant conditioning is applied to
enhance synchronized neuronal activity. Our study (Sakurai and
Takahashi, 2013) has operantly enhanced firing synchrony of the
small and localized groups of neighboring neurons, using the
specific electrode and the spike sorting, in the rat hippocampus.
Such synchronized firing among close neurons has been shown to
be valid for some information processes. For example, Fujisawa
et al. (2008) has reported clear synchrony of firing among
neighboring neurons in the rat prefrontal cortex. The authors
focused on the sharp peaks in cross-correlograms between
pyramidal neurons and interneurons with millisecond time lags
that were consistent with monosynaptic delays. The temporal
relationships of the activities of neurons were examined during
a working memory task. Numerous monosynaptic pairs between
the pyramidal neurons and interneurons dynamically varied their
peaks in the cross-correlograms across various phases of the task
beyond the statistical accounting for the effects of covarying the
firing rates of the neurons. This indicates that functional interplay
among the close neurons linked by monosynaptic connections is
working during the behavioral task. This finding was consistent
with those of previous studies that have observed variance in the
short-term synchrony between neuronal pairs as a function of
behavioral performance and learning (Constantinidis et al., 2002;
Baeg et al., 2007; Opris et al., 2011a, 2012a).
On the other hand, the study of Engelhard et al. (2013), intro-
duced above, can be considered to have succeeded to operantly
enhance activity of broader cell assemblies reflected by oscillatory
low-gamma waves of LFP, because the oscillatory LFPs are pro-
duced by synchronized postsynaptic potentials of many neurons
in broader ranges. Oscillatory activity in the motor cortex has
been observed in many experiments and led various hypotheses
about its possible functions, such as motor preparation and atten-
tion to aspects of movement (Murthy and Fetz, 1996; Donoghue
et al., 1998). Oscillatory activity has also been documented most
thoroughly in the visual system, where many experiments have
suggested that the widespread periodicity is involved in top-down
processing (Engel et al., 2001) and plays a role in long-range
interactions between different cortical regions (Siegel et al., 2012).
Discussion is still ongoing about the actual functional role of
oscillatory and synchronous activities. But with neuronal operant
conditioning, as Fetz (2013) suggested, those activities become
the independent variable in the experiments, and their effects
on behavior are more compelling evidence of their functions.
Actually, Keizer et al. (2010) has shown that volitionally increased
gamma oscillation at occipital and frontal sites in humans surely
improved performance on cognitive tests of sensory binding and
memory. This result supports the notion that various information
processes are generated by oscillatory activity in the motor and
sensory cortices.
In addition to the findings of oscillation, synchrony of firings
among individual neurons in broader ranges has been reported.
Pipa and Munk (2011) trained monkeys to perform a short-
term visual memory task and simultaneously recorded multi-
neuronal activity from the prefrontal cortex with electrodes that
were arranged in a square-shaped 4 × 4 grid with a distance
between the nearest neighbors of 500 µm. The authors found
firing synchrony of neurons with high temporal precision across
the electrode sites. The frequency of synchrony was modulated
depending on the behavioral performance and the specific stimuli
that were presented. In particular, during the delay period, larger
groups of up to 7 electrode sites showed performance-dependent
modulation of the synchronous firings. These findings indicate
dynamic activity of broad populations of distributed neurons that
underlie the higher temporal organization of information being
processed for the task performance.
Recent technological advances have made it possible to record
from larger neuronal populations. New principal component
analysis (PCA) methods (Peyrache et al., 2009; Lopes-dos-Santos
et al., 2011) are suitable for detecting larger cell assemblies that are
constructed from larger number of distributed neurons. However,
classical methods, such as cross-correlation analyses, have merit
in detection of detailed structures of functional connectivity
between neighboring neurons. A combination of the new meth-
ods of PCA and the classical methods may be ideal in detecting
diverse synchrony of neuronal activity and useful to selectively
enhance activities of cell assemblies with different sizes.
RELEVANCE TO NEUROREHABILITATION AND
BRAIN-MACHINE INTERFACE
NEUROREHABILITATION
Neuronal operant conditioning can elucidate the potential of
neuronal plasticity (Dobkin, 2007) induced by conditioning of
neuronal activity including synchronous and oscillatory activities.
Such elucidation contributes to progress in the development
of neurorehabilitation methods (Raskin, 2011), the majority of
which attempt artificial enhancement of neuronal activity to
compensate for loss of brain motor functions. A turning point
of neuronal operant conditioning to be applicable may be the fact
that it does not require selection of functionally specific neurons
for the conditioning. It would not be possible to condition and
enhance inherent motor neurons for compensation of motor
functions because most motor-function losses are accompanied
by loss of inherent motor neurons. Therefore, neuronal operant
conditioning should have the potential to enhance any neuron
and hopefully any brain region unrelated to the target functions to
be compensated. This could be related to the theory of multipo-
tentiality of the brain (John, 1980). That theory suggests that any
neuron and region may contribute to the mediation of a diversity
of functions and that many neurons and regions contribute to
every function, but it does not imply that different neurons and
regions are functionally equivalent or that different functions
depends equally on diverse neurons and regions.
Actually in our study (Sakurai and Takahashi, 2013), the neu-
rons showing rapid enhancement in firing rates and synchrony
during the neuronal operant conditioning had been selected
randomly and originally manifested no behavior-related activ-
ity responsible for motor responses. This finding indicates that
neurons not initially involved in behavioral performance can
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be enhanced by the conditioning and subsequently utilized to
compensate for loss of motor functions responsible for behavior.
Such an indication had previously emerged from the findings of
Moritz et al. (2008), who observed that monkeys could learn to
use task-unrelated neurons to control an external device if they
were provided with operant control training.
Besides the notion of non-selectivity of neurons, it is again
noted that conditioning of oscillatory and synchronous activi-
ties are expected to lead to more effective neurorehabilitation.
Synchronous oscillations in motor cortical neurons have been
observed in many behavioral experiments, leading to hypotheses
about its possible function. For example, it has been reported
to occur during an instructed delay period prior to movement
and then disappear during the overt movement, suggesting a
role in motor preparation (Donoghue et al., 1998). Oscillations
have also been observed to appear during a maintained precision
grip (Baker et al., 1999) and free exploratory hand movements
(Murthy and Fetz, 1996). It should be emphasized that these oscil-
lations entrained both task-related and unrelated neurons equally,
and coherent oscillations occurred over widespread cortical areas,
including both hemispheres, but correlations between different
cortical sites did not depend on the site’s relation to the task
(Fetz, 2013). Consequently, inducing such oscillatory activity by
operant conditioning could thus enhance several motor-related
functions.
In addition to the motor-related functions, synchrony and
oscillations are considered to be associated with attention, percep-
tion, cognition, and computation (Fries, 2009; Herrmann et al.,
2010) and active both within (Salinas and Sejnowski, 2001) and
between (Siegel et al., 2012; Terada et al., 2013) brain locations, as
described previously. These indicate the possibility of enhancing
such higher functions by conditioning of synchrony and oscilla-
tions of firing. An issue to be addressed is whether any neuron can
be available for the conditioning to enhance the higher functions
in the sensory and higher brain regions, as motor functions in the
motor-related regions. Addressing this issue involves testing the
validity of the view of multipotentiality of the brain (John, 1980)
briefly introduced above.
BRAIN-MACHINE INTERFACE
As Fetz (2007) suggested, the basic paradigm for neuronal operant
conditioning (neural biofeedback) is essentially identical to the
paradigm for brain-machine interface (BMI) (Figure 7). BMI
is for neuroprosthetic control of external devices by neuronal
activity instead of behavior (Berger et al., 2008; Hatsopoulos and
Donoghue, 2009; Nicolelis and Lebedev, 2009; Andersen et al.,
2010; Green and Kalaska, 2011). Neuronal operant learning can
elucidate the possibility of volitional control of neuronal activity
and contribute to the development of BMI. One difference is
the transform algorithm converting neural activity to the control
signals operating the external device to get reward. Though this
interposes an intermediate stage that may complicate the relation-
ship between neural activity and device control, the final outcome
is identical with that of neuronal operant conditioning, i.e., get-
ting reward. The device control in BMI finally results in getting
of reward and sometimes, particularly in humans, being able to
control the device itself functions as reward. This leads to the
FIGURE 7 | (A) Basic components of neuronal operant conditioning
(biofeedback) paradigm. Feedback and reward are contingent on the
reinforced activity and provided to the brain of the “volitional controller”. The
correlated activity consists of additional neural or physiological activity
either causally or adventitiously associated with the reinforced activity.
(From Fetz, 2007, with permission). (B) Basic components of the
brain–computer interface (BCI) or brain-machine interface (BMI) paradigms.
Essential components are identical to those of the neuronal operant
conditioning, except that feedback (usually visual) is provided by the
controlled device or cursor, and a more sophisticated transform algorithm is
typically used to convert neural activity to the requisite control signals.
(From Fetz, 2007, with permission).
conclusion that the basic strategy—volitional activity associated
with getting reward is enhanced by reinforcement feedback—
is identical between BMI and neuronal operant conditioning.
Figure 8 summarizes the common and different stages in BMI and
neuronal operant conditioning.
Although the development of invasive BMI is promising
(Lebedev and Nicolelis, 2006), currently available BMIs are lim-
ited in terms of accuracy and the facility with which they can
be controlled. The most significant factor to which these limits
may be attributable may be changes in the plasticity of neuronal
activities and functions induced by the use of BMI (Zacksenhouse
et al., 2007; Ganguly et al., 2011). In most BMI experiments based
on the decoding approach, conversion of neuronal signals is aided
by appropriate transform algorithms to generate the adequate
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FIGURE 8 | An integrated view of basic components of neuronal
operant conditioning (Figure 7A) and BMI (Figure 7B) paradigms. The
different stages are shown in blue and green parts, the former for BMI and
the latter for neuronal operant conditioning, and the common stages are
shown in red parts. See the text for detail.
control parameters. However, the conversion parameters obtained
for one set of trials provided increasingly poor predictions of
future responses, indicating a source of drift over tens of minutes.
Therefore, accurate device control under BMI conditions depends
significantly on the degree to which the neuronal activity can
be volitionally modulated even for experiments not based on
neuronal operant conditioning. Research on such volitional mod-
ulation of neuronal activity can be conducted by investigating
neuronal operant conditioning, which contributes to realization
of a higher performing BMI. The other significant factor affecting
the limited performance of the current BMIs may be the bias on
firing rate or amplitude of neuronal activity as the source signals.
As emphasized in the present paper, synchronous and oscillatory
activities have the potential to be neuronal signals constantly rep-
resenting valid information in the brain. Research for volitional
modulation of neuronal synchrony and oscillation by neuronal
operant conditioning may contribute much to development of a
higher performing BMI.
The issue of neuron selectivity and multipotentiality in the
study of neuronal operant conditioning is also a significant issue
in BMI studies. Many BMI studies first obtain an optimal basis
for brain control by recording the neural activity associated
with real limb movement from precentral motor cortex and
deriving appropriate transform algorithms (Chapin et al., 1999;
Taylor et al., 2002; Carmena et al., 2003; Hochberg et al., 2006;
Koike et al., 2006; Choi et al., 2009). However, several other
studies demonstrated the ability to extract movement predic-
tions from neurons in postcentral as well as precentral cortical
areas (Wessberg et al., 2000; Carmena et al., 2003). Precentral
motor neurons could provide the accurate predictions of force
and displacement even in small numbers (Koike et al., 2006;
Choi et al., 2009), but many neurons from other areas also had
potential to provide significant predictions (Wessberg et al., 2000;
Carmena et al., 2003). The prediction accuracy increased with the
number of neurons included, even when the included neurons
were randomly selected and not related to motor movement in
nature (Wessberg et al., 2000; Carmena et al., 2003).
Neuronal plasticity, which is inherent in BMI experiments,
is not always an obstacle but can be actively applied to induce
changes in neuronal connections for functional compensation.
For example, Mavoori et al. (2005) investigated the operation
of a small computer chip in conjunction with wire electrodes
implanted in monkey motor cortex. This “neurochip”, useful for
invasive BMI, can convert firings of a cortical neuron not to
control signals for external devices but to stimuli directly delivered
to other neurons and regions to appropriately modify the neural
activity in these regions. Jackson et al. (2006) configured the
neurochip as action potentials recorded at one site triggered
synchronous stimulation at the neighboring site in the monkey
motor cortex. Continuous operation for a day or more resulted
in long-term changes in the output effects evoked from the
recording site and the changes remained stable for more than
a week of testing after the conditioning had terminated. Such
conditioning effects were related to time-dependent plasticity
and obtained only when the delays between neuronal firings
and stimuli were less than 50 ms, indicating that firing syn-
chrony could be involved as an effective factor in such plastic
changes.
Finally, we introduce the recent findings that learning to
operate BMI induces synchronous and oscillatory activity in
other brain regions related to specific functions. Koralek et al.
(2012) investigated the role of corticostriatal plasticity, usually
involved in learning physical skills, in abstract skill learning using
BMI. The authors trained rats to learn to control the pitch of
an auditory cursor to reach one of two targets by modulating
firing activity in the motor cortex independently of physical
movement. During the learning of BMI, alteration of activity
was observed in striatal neurons, with more neurons modulat-
ing activity in relation to the progress in learning to reach the
targets. Concurrently, strong correlations, reflected in oscillatory
coupling, between the neuronal activity in the motor cortex and
the striatum emerged. This suggests that corticostriatal plasticity
and oscillatory interaction underlying physical skill learning is
also necessary for abstract skill learning using BMI and that
neuroprosthetic movements capitalize on the neural circuitry
involved in natural motor learning. Most recently, Koralek et al.
(2013) also reported that coherence of activity between motor
cortex and striatum during learning of the BMI task is selec-
tively increased in neurons controlling behavioral output relative
to adjacent neurons. The temporal offset of these oscillatory
interactions aligned closely with corticostriatal conduction delays,
demonstrating highly precise timing. Firings from either region
were followed by a consistent phase in the other region, suggest-
ing that network feedback reinforces the coherent activity. The
authors conclude that temporally precise coherence develops dur-
ing learning specifically in motor output-related neuronal popu-
lations and oscillatory activity serves to synchronize widespread
brain networks to produce adequate behavior. This confirms
that selective temporal coordination between neurons leading
to development of cell assemblies is fundamental in learning to
control behavior. Koralek et al. (2012, 2013) reliably indicate that
research using BMI can be research of system neuroscience and
can provide significant data to reveal normal brain functions and
their mechanisms.
In conclusion, research into neuronal operant conditioning,
neurorehabilitation, BMI, and system neuroscience will produce
findings applicable to all these interrelated fields, and synchrony
and oscillation of neuronal activity can be a common key bridge
interrelating these disciplines.
Frontiers in Systems Neuroscience www.frontiersin.org February 2014 | Volume 8 | Article 11 | 9
Sakurai et al. Enhancement of synchrony and oscillation
ACKNOWLEDGMENTS
This work was supported by JST Core Research for Evolu-
tion Science and Technology (CREST) program and JSPS KAK-
ENHI grant Nos. 24223004 and 24243069 (Yoshio Sakurai) and
24300148 and 25560435 (Susumu Takahashi).
REFERENCES
Abeles, M., Bergman, H., Margalit, E., and Vaadia, E. (1993). Spatiotemporal firing
patterns in the frontal cortex of behaving monkeys. J. Neurophysiol. 70, 1629–
1638.
Andersen, R. A., Hwang, E. J., and Mulliken, G. H. (2010). Cognitive neural pros-
thetics. Annu. Rev. Psychol. 61, 169–190. doi: 10.1146/annurev.psych.093008.
100503
Arduin, P., Fregnac, Y., Shulz, D. E., and Ego-Stengel, V. (2013). “Master” neurons
induced by operant conditioning in rat motor cortex during a brain-machine
interface task. J. Neurosci. 33, 8308–8320. doi: 10.1523/JNEUROSCI.2744-12.
2013
Baeg, E. H., Kim, Y. B., Ghim, J. W., Kim, J. J., and Jung, M. W. (2007). Learning-
induced enduring changes in functional connectivity among prefrontal cortical
neurons. J. Neurosci. 27, 909–918. doi: 10.1523/jneurosci.4759-06.2007
Baker, S. N., Kilner, J. M., Pinches, E. M., and Lemon, R. N. (1999). The role of
synchrony and oscillations in the motor output. Exp. Brain Res. 128, 109–117.
doi: 10.1007/s002210050825
Berger, T. W., Chapin, J. K., Gerhardt, G. A., McFarland, D. J., Principe,
J. C., Soussou, W. V., et al. (2008). Brain-Computer Interfaces. New York:
Springer.
Carmena, J. M., Lebedev, M. A., Crist, R. E., O’Doherty, J. E., Santucci, D. M.,
Dimitrov, D. F., et al. (2003). Learning to control a brain-machine interface for
reaching and grasping by primates. PLoS Biol. 1:E42. doi: 10.1371/journal.pbio.
0000042
Cerf, M., Thiruvengadam, N., Mormonn, F., Kraskov, A., Quiroga, R. Q., Koch,
C., et al. (2010). On-line, voluntary control of human temporal lobe neurons.
Nature 467, 1104–1108. doi: 10.1038/nature09510
Chapin, J. K., Moxon, K. A., Markowitz, R. S., and Nicolelis, M. A. (1999). Real-
time control of a robot arm using simultaneously recorded neurons in the motor
cortex. Nat. Neurosci. 2, 664–670. doi: 10.1038/10223
Choi, K., Hirose, H., Sakurai, Y., Iijima, T., and Koike, Y. (2009). Prediction of arm
trajectory from the neural activities of the primary motor cortex with modular
connectionist architecture. Neural Netw. 22, 1214–1223. doi: 10.1016/j.neunet.
2009.09.003
Comon, P. (1994). Independent component analysis, a new concept? Signal Process.
36, 287–314. doi: 10.1016/0165-1684(94)90029-9
Constantinidis, C., Franowicz, M. N., and Goldman-Rakic, P. S. (2001). Coding
specificity in cortical microcircuits: a multiple-electrode analysis of primate
prefrontal cortex. J. Neurosci. 21, 3646–3655.
Constantinidis, C., Williams, G. V., and Goldman-Rakic, P. S. (2002). A role for
inhibition in shaping the temporal flow of information in prefrontal cortex. Nat.
Neurosci. 5, 175–180. doi: 10.1038/nn799
Dobkin, B. H. (2007). Brain-computer interface technology as a tool to augment
plasticity and outcomes for neurological rehabilitation. J. Physiol. 597, 637–642.
doi: 10.1113/jphysiol.2006.123067
Donoghue, J. P., Sanes, J. N., Hatsopoulos, N. G., and Gaál, G. (1998). Neural
discharge and local field potential oscillations in primate motor cortex during
voluntary movements. J. Neurophysiol. 79, 159–173.
Eichenbaum, H. (1993). Thinking about brain cell assemblies. Science 261, 993–
994. doi: 10.1126/science.8351525
Engel, A. K., Fiees, P., and Singer, W. (2001). Dynamic predictions: oscillations
and synchrony in top-down processing. Nat. Rev. Neurosci. 2, 704–716. doi: 10.
1038/35094565
Engelhard, B., Ozeri, N., Israel, Z., Bergman, H., and Vaadia, E. (2013). Inducing
gamma oscillations and precise spike synchrony by operant conditioning via
brain-machine interface. Neuron 77, 361–375. doi: 10.1016/j.neuron.2012.11.
015
Fee, M., Mitra, P., and Kleinfeld, D. (1996). Variability of extracellular spike
waveforms of cortical neurons. J. Neurophysiol. 76, 3823–3833.
Fetz, E. E. (1969). Operant conditioning of cortical unit activity. Science 163, 955–
958. doi: 10.1126/science.163.3870.955
Fetz, E. E. (2007). Volitional control of neural activity: implications for brain-
computer interfaces. J. Physiol. 579, 571–579. doi: 10.1113/jphysiol.2006.127142
Fetz, E. E. (2013). Volitional control of cortical oscillations and synchrony. Neuron
77, 216–218. doi: 10.1016/j.neuron.2013.01.003
Fetz, E. E., and Baker, M. A. (1973). Operantly conditioned patterns on precentral
unit activity and correlated responses in adjacent cells and contralateral muscles.
J. Neurophysiol. 36, 179–204.
Fetz, E. E., and Finocchio, D. V. (1971). Operant conditioning of specific patterns
of neural and muscular activity. Science 174, 431–435. doi: 10.1126/science.174.
4007.431
Fries, P. (2009). Neuronal gamma-band synchronization as a fundamental pro-
cess in cortical computation. Annu. Rev. Neurosci. 32, 209–224. doi: 10.
1146/annurev.neuro.051508.135603
Fujisawa, S., Amarasingham, A., Harrison, M. T., and Buzsaki, G. (2008). Behaivior-
dependent short-term assembly dynamics in the medial prefrontal cortex. Nat.
Neurosci. 11, 823–833. doi: 10.1038/nn.2134
Funahashi, S., and Inoue, M. (2000). Neuronal interactions related to working
memory processes in the primate prefrontal cortex revealed by cross-correlation
analysis. Cereb. Cortex 10, 535–551. doi: 10.1093/cercor/10.6.535
Ganguly, K., Domitrov, D. F., Wallis, J. D., and Carmena, J. M. (2011). Reversible
large-scale modification of cortical networks during neuroprosthetic control.
Nat. Neurosci. 14, 662–667. doi: 10.1038/nn.2797
Green, A. M., and Kalaska, J. F. (2011). Learning to move machines with the mind.
Trends Neurosci. 34, 61–75. doi: 10.1016/j.tins.2010.11.003
Harris, K. D. (2005). Neural signatures of cell assembly organization. Nat. Rev.
Neurosci. 6, 399–407. doi: 10.1038/nrn1669
Hatsopoulos, N. G., and Donoghue, J. P. (2009). The science of neural interface
systems. Annu. Rev. Neurosci. 32, 249–266. doi: 10.1146/annurev.neuro.051508.
135241
Hebb, D. O. (1949). The Organization of Behavior—A Neuropsychological Theory.
New York: Wiley.
Herrmann, C. S., Frund, I., and Lenz, D. (2010). Human gamma-band activity:
a review on cognitive and behavioral correlates and network models. Neurosci.
Biobehav. Rev. 34, 981–992. doi: 10.1016/j.neubiorev.2009.09.001
Hochberg, L. R., Serruya, M. D., Friehs, G. M., Mukand, J. A., Saleh, M., Caplan,
A. H., et al. (2006). Neuronal ensemble control of prosthetic devices by a human
with tetraplegia. Nature 442, 164–171. doi: 10.1038/nature04970
Jackson, A., Mavoori, J., and Fetz, E. E. (2006). Long-term motor cortex plas-
ticity induced by an electronic neural implant. Nature 444, 56–60. doi: 10.
1038/nature05226
John, E. R. (1980). “Multipotentiality: a statistical theory of brain function–
evidence and implications” in The Psychobiology of Consciousness, ed D. Richard
(New York: Springer), 129–146.
Keizer, A. W., Verment, R. S., and Hommel, B. (2010). Enhancing cognitive control
through neurofeedback: a role of gamma-band activity in managing episodic
retrieval. Neuroimage 49, 3404–3413. doi: 10.1016/j.neuroimage.2009.11.023
Kobayashi, S., Schultz, W., and Sakagami, M. (2010). Operant conditioning of
primate prefrontal neurons. J. Neurophysiol. 103, 1843–1855. doi: 10.1152/jn.
00173.2009
Koike, Y., Hirose, H., Sakurai, Y., and Iijima, T. (2006). Prediction of arm trajectory
from a small number of neuron activities in the primary motor cortex. Neurosci.
Res. 56, 146–153. doi: 10.1016/j.neures.2006.02.012
Koralek, A. C., Costa, R. M., and Carmena, J. M. (2013). Temporally precise cell-
specific coherence develops in corticostriatal networks during learning. Neuron
79, 865–872. doi: 10.1016/j.neuron.2013.06.047
Koralek, A. C., Jin, X., Long, J. D. II., Costa, R. M., and Carmena, J. M. (2012).
Corticostriatal plasticity is necessary for learning intentional neuroprosthetic
skills. Nature 483, 331–335. doi: 10.1038/nature10845
Lebedev, M. A., and Nicolelis, M. A. L. (2006). Brain-machine interfaces: past,
present and future. Trends Neurosci. 29, 536–546. doi: 10.1016/j.tins.2006.07.004
Lewicki, M. (1994). Bayesian modelling and classification of neural signals. Neural
Comput. 6, 1005–1030. doi: 10.1162/neco.1994.6.5.1005
Lopes-dos-Santos, V., Conde-Ocazionez, S., Nicolelis, M. L., Ribeiro, S. T., and Tort,
A. B. L. (2011). Neuronal assembly detection and cell membership specification
by principal component analysis. PLoS One 6:e20996. doi: 10.1371/journal.
pone.0020996
Mavoori, J., Jackson, A., Diorio, C., and Fetz, E. (2005). An autonomous
implantable computer for neural recording and stimulation in unrestrained
primates. J. Neurosci. Meth. 148, 71–77. doi: 10.1016/j.jneumeth.2005.04.017
Frontiers in Systems Neuroscience www.frontiersin.org February 2014 | Volume 8 | Article 11 | 10
Sakurai et al. Enhancement of synchrony and oscillation
Moritz, C. T., Perimutter, S. I., and Fetz, E. E. (2008). Direct control of paral-
ysed muscles by cortical neurons. Nature 456, 639–642. doi: 10.1038/nature
07418
Murthy, V. N., and Fetz, E. E. (1996). Oscillatory activity in sensorimotor cortex
of awake monkeys: synchronization of local field potentials and relation to
behaviour. J. Neurophysiol. 76, 3949–3967.
Nicolelis, M. A. L., and Lebedev, M. A. (2009). Principles of neural ensemble
physiology underlying the operation of brain-machine interfaces. Nat. Rev.
Neurosci. 10, 530–540. doi: 10.1038/nrn2653
Olds, J. (1965). Operant conditioning of single unit responses. Excerpta. Med. Int.
Cong. Ser. 87, 372–380.
Opris, I., Fuqua, J. L., Huettl, P. F., Gerhardt, G. A., Berger, T. W., Hampson,
R. E., et al. (2012a). Closing the loop in primate prefrontal cortex: inter-
laminar processing. Front. Neural Circuits 6:88. doi: 10.3389/fncir.2012.
00088
Opris, I., Hampson, R. E., Gerhardt, G. A., Berger, T. W., and Deadwyler, S. A.
(2012b). Columnar processing in primate pFC: evidence for executive control
microcircuits. J. Cog. Neurosci. 24, 2334–2347. doi: 10.1162/jocn_a_00307
Opris, I., Hampson, R. E., Stanford, T. R., Gerhardt, G. A., and Deadwyler, S. A.
(2011a). Neural activity in frontal cortical cell layers: evidence for columnar
sensorimotor processing. J. Cog. Neursci. 23, 1507–1521. doi: 10.1162/jocn.2010.
21534
Opris, I., Lebedev, M., and Nelson, R. (2011b). Motor planning under unpre-
dictable reward: modulations of movement vigor and primate striatum activity.
Front. Neurosci. 5:61. doi: 10.3389/fnins.2011.00061
Opris, I., Santos, L., Gerhardt, G. A., Song, D., Berger, T. W., Hampson, R. E., et al.
(2013). Prefrontal cortical microcircuits bind perception to executive control.
Sci. Rep. 3:2285. doi: 10.1038/srep02285
Peyrache, A., Khamassi, M., Benchenane, K., Wiener, S. I., and Battaglia, F. P.
(2009). Replay of rule-learning related neural patterns in the prefrontal cortex
during sleep. Nat. Neurosci. 12, 919–926. doi: 10.1038/nn.2337
Pipa, G., and Munk, M. H. (2011). Higher order spike synchrony in prefrontal cor-
tex during visual memory. Front. Comput. Neurosci. 5:23. doi: 10.3389/fncom.
2011.00023
Raskin, S. A. (2011). Neuroplasticity and Rehabilitation. New York: Guilford.
Reynolds, G. S. (1975). A Primer of Operant Conditioning. Glenview: Scott
Foresman.
Riehle, A., Grün, S., Diesmann, M., and Aertsen, A. (1997). Spike synchronization
and rate modulation differentially involved in motor cortical function. Science
278, 1950–1953. doi: 10.1126/science.278.5345.1950
Sakurai, Y. (1993). Dependence of functional synaptic connections of hippocampal
and neocortical neurons on types of memory. Neurosci. Lett. 158, 181–184.
doi: 10.1016/0304-3940(93)90259-n
Sakurai, Y. (1994). Involvement of auditory cortical and hippocampal neurons in
auditory working memory and reference memory in the rat. J. Neurosci. 14,
2606–2623.
Sakurai, Y. (1996a). Hippocampal and neocortical cell assemblies encode memory
processes for different types of stimuli in the rat. J. Neurosci. 16, 2809–2819.
Sakurai, Y. (1996b). Population coding by cell assemblies—what it really is in the
brain. Neurosci. Res. 26, 1–16. doi: 10.1016/0168-0102(96)01075-9
Sakurai, Y. (1999). How do cell assemblies encode information in the brain?
Neurosci. Biobehav. Rev. 23, 785–796. doi: 10.1016/s0149-7634(99)00017-2
Sakurai, Y. (2002). Coding of auditory temporal and pitch information by hip-
pocampal individual cells and cell assemblies in the rat. Neurosci. 115, 1153–
1163. doi: 10.1016/s0306-4522(02)00509-2
Sakurai, Y., and Takahashi, S. (2006). Dynamic synchrony of firing in the monkey
prefrontal cortex during working memory tasks. J. Neurosci. 26, 10141–10153.
doi: 10.1523/jneurosci.2423-06.2006
Sakurai, Y., and Takahashi, S. (2008). Dynamic synchrony of local cell assembly.
Rev. Neurosci. 19, 425–440. doi: 10.1515/revneuro.2008.19.6.425
Sakurai, Y., and Takahashi, S. (2013). Conditioned enhancement of firing rates and
synchrony of hippocampal neurons and firing rates of motor cortical neurons
in rats. Eur. J. Neurosci. 37, 623–639. doi: 10.1111/ejn.12070
Sakurai, Y., Nakazono, T., Ishino, S., Terada, S., Yamaguchi, K., and Takahashi, S.
(2013). Diverse synchrony of firing reflects diverse cell-assembly coding in the
prefrontal cortex. J. Physiol. Paris 107, 459–470. doi: 10.1016/j.jphysparis.2013.
05.004
Salinas, E., and Sejnowski, T. J. (2001). Correlated neuronal activity and the flow of
neural information. Nat. Rev. Neurosci. 2, 539–550. doi: 10.1038/35086012
Schmied, A., Ivarsson, C., and Fetz, E. E. (1993). Short-term synchronization
of motor units in human extensor digitorum communis muscle: relation to
contractile properties and voluntary control. Exp. Brain Res. 97, 159–172.
doi: 10.1007/bf00228826
Seidemann, E., Meilijson, I., Abeles, M., Bergman, H., and Vaadia, E. (1996).
Simultaneously recorded single units in the frontal cortex go through a sequence
of discrete and stable states in monkeys performing a delayed localization task.
J. Neurosci. 16, 752–768.
Siegel, M., Donner, T. H., and Engel, A. K. (2012). Spectral fingerprints of
large-scale neuronal interactions. Nat. Rev. Neurosci. 13, 121–134. doi: 10.
1038/nrn3137
Skinner, B. F. (1974). About Behaviorism. New York: Alfred A. Knopf.
Takahashi, S., and Sakurai, Y. (2005). Real-time and automatic sorting of multineu-
ronal activity for sub-millisecond interactions in vivo. Neurosci. 134, 301–315.
doi: 10.1016/j.neuroscience.2005.03.031
Takahashi, S., and Sakurai, Y. (2007). Coding of spatial information by soma and
dendrite of pyramidal cells in the hippocampal CA1 of behaving rats. Eur. J.
Neurosci. 26, 2033–2045. doi: 10.1111/j.1460-9568.2007.05827.x
Takahashi, S., and Sakurai, Y. (2009a). Information in small neuronal ensemble
activity in the hippocampal CA1 during delayed non-matching to sample
performance in rats. BMC Neurosci. 10:115. doi: 10.1186/1471-2202-10-115
Takahashi, S., and Sakurai, Y. (2009b). Sub-millisecond firing synchrony of closely
neighboring pyramidal neurons in hippocampal CA1 of rats during delayed
non-matching to sample task. Front. Neural Circuits 3:9. doi: 10.3389/neuro.04.
009.2009
Takahashi, S., Anzai, Y., and Sakurai, Y. (2003a). Automatic sorting for multi-
neuronal activity recorded with tetrodes in the presence of overlapping spikes. J.
Neurophysiol. 89, 2245–2258. doi: 10.1152/jn.00827.2002
Takahashi, S., Anzai, Y., and Sakurai, Y. (2003b). New approach to spike sorting for
multi-neuronal activities recorded with a tetrode—how ICA can be practical.
Neurosci. Res. 46, 265–272. doi: 10.1016/s0168-0102(03)00103-2
Taylor, D. M., Tillery, S. I., and Schwartz, A. B. (2002). Direct cortical control of
3D neuroprosthetic devices. Science 296, 1829–1832. doi: 10.1126/science.107
0291
Terada, S., Takahashi, S., and Sakurai, Y. (2013). Oscillatory interaction between
amygdala and hippocampus coordinates behavioral modulation based on
reward expectation. Front. Behav. Neurosci. 7:177. doi: 10.3389/fnbeh.2013.
00177
Vaadia, E., Haalman, I., Abeles, M., Bergman, H., Prut, Y., Slovin, H., et al. (1995).
Dynamics of neuronal interactions in monkey cortex in relation to behavioural
events. Nature 373, 515–518. doi: 10.1038/373515a0
Wessberg, J., Stambaugh, C. R., Kralik, J. D., Beck, P. D., Laubach, M., Chapin, J. K.,
et al. (2000). Real-time prediction of hand trajectory by ensembles of cortical
neurons in primates. Nature 408, 361–365. doi: 10.1038/35042582
Wyler, A. R., Burchiel, K. J., and Robbins, C. A. (1979). Operant control of
precentral neurons in monkeys: evidence against open loop control. Brain Res.
171, 29–39.
Zacksenhouse, M., Lebedev, M. A., Carmena, J. M., O’Doherty, J. E., Henriquez, C.,
and Nicolelis, M. A. L. (2007). Cortical modulations increase in early sessions
with brain-machine interface. PLoS One 2:e629. doi: 10.1371/journal.pone.
0000619
Conflict of Interest Statement: The authors declare that the research was conducted
in the absence of any commercial or financial relationships that could be construed
as a potential conflict of interest.
Received: 13 November 2013; accepted: 16 January 2014; published online: 06 February
2014.
Citation: Sakurai Y, Song K, Tachibana S and Takahashi S (2014) Volitional enhance-
ment of firing synchrony and oscillation by neuronal operant conditioning: interaction
with neurorehabilitation and brain-machine interface. Front. Syst. Neurosci. 8:11. doi:
10.3389/fnsys.2014.00011
This article was submitted to the journal Frontiers in Systems Neuroscience.
Copyright © 2014 Sakurai, Song, Tachibana and Takahashi. This is an open-access
article distributed under the terms of the Creative Commons Attribution License (CC
BY). The use, distribution or reproduction in other forums is permitted, provided the
original author(s) or licensor are credited and that the original publication in this
journal is cited, in accordance with accepted academic practice. No use, distribution
or reproduction is permitted which does not comply with these terms.
Frontiers in Systems Neuroscience www.frontiersin.org February 2014 | Volume 8 | Article 11 | 11
